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Remark: (1) The larger the mean NSDR (marked as x), the better the separation quality. (2) rPCA, FHM, ASR & DNN are current state—of—the—art solutions.

Contrlbutlons

To the best of our knowledge, this is the first work in the context of singing voice separation to do the sinusoidal partials
classification using partial vibrato and tremolo with the magnitude level treated as the major feature

 The comparative results show that our system outperforms the rPCA—based, melody—based and deep—learning—based
singing voice separation systems by 1.0975~3.0264 dB GNSDR gain on the iKala dataset.

 The nature of progressively solving the problem makes the separation result predictable. It also allows us to identify the
weaknesses or limitation of the current solution, and then to solve them respectively.

 Qur usage of SVM can be served as the reference for improving the partials classification in the future.
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